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CHAPTER 1

The Learning Elephant
The current landscape of Learning & Develop-

ment is precarious. Companies are no longer will-
ing or able to invest in large-scale initiatives, and 
departments are expected to deliver more with 
less. This is true for most industries as they fight 
to stay competitive. What is unique to L&D, how-
ever, is the sheer number of predators circling. 
How does a learning department survive when its 
biggest competitor is a Google search? L&D is the 
aging elephant on the Serengeti surrounded by 
hungry lions and poachers. The elephant may be 
wise, but it is slow and cumbersome.

Predators and Poachers
Unlike a decade ago, content is everywhere. A 

flick of a mobile gives a learner access to millions 
of pieces of digital content. Today, knowledge as-
sets are built by anyone, anywhere, with or with-
out a Masters of Adult Ed.  There are no lengthy 
needs analyses or performance consulting con-
versations. Instead, an individual, or vendor, or 
academic, simply uses a rapid authoring tool, or 
video creation software, to build content on a 
topic they feel would benefit a community. The 
value of this content is then determined by the 
audience: good content is shared and liked; bad 
content goes into the digital dustbin. 

This proliferation of content directly challeng-
es the existence of internal learning departments. 

Why invest in building expensive bespoke con-
tent when there is an ocean of learning readily 
available? Of course, the argument can be made 
that anything found on the internet is too gener-
ic. Possibly so, but that gap is closing rapidly. A 
quick search on “project management eLearning 
courses” yields over 6.7 million results. The ability 
to customise digital content is faster and cheaper 
than ever before. While some learning does need 
to be built internally, that scope narrows with the 
depth and breadth of content already available.

Another L&D department predator is Lynda.
com by LinkedIn. When it was acquired by Linke-
dIn, high-quality learning content became seam-
lessly and directly matched with individual talent 
development and needs. More worrisome, due to 
the sheer size and depth of audience, Lynda.com 
has the ability to react quickly to build content to 
meet more and more niche topics.

Some L&D thought leaders have suggested 
that content curation is the way forward. While 
certainly a possibility, it is not a very exciting or 
intriguing one. The fact is, L&D has not embraced 
digital disruption in the way that other indus-
tries have. Yes, we have adopted eLearning and 
other digital modalities as delivery channels, but 
we still apply our traditional classroom lens to 
what we build. Design and development is based 
on methodologies like performance consulting, 
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Bloom’s taxonomy, and ADDIE, all of which were 
constructed far before digital learning was even a 
glimmer on the horizon. To find a better and more 
agile way forward, we may find inspiration in oth-
er industries that have found ways to successfully 
navigate through the digital space.

The Virtual Relationship
Sales and marketing departments experi-

enced a similar challenge when customer re-
lationships moved from face-to-face, nurtured 
relationships to online transactions. Gone were 
the days of leisurely conversations with clients 
over dinner. A website visit or email is the new 
handshake. Connections are now developed via 
multiple and rapid online interactions. 

Think of the ways that you now engage with 
a company as a consumer versus a decade ago. 
Probably your first step is to do a Google search, 
which leads to a website visit. The site is likely 
connected to other social media assets, such as 
the company Twitter feed or Instagram. This rep-
resents a seismic shift in the nature of customer 
engagement and relationship building.

So what does this mean for learning? As with 
marketing and sales, the in-person relationship 
is fading. Companies are shifting to digital mo-
dalities to avoid the associated travel and ac-
commodation costs of face-to-face delivery. This 
loss for learning professionals means the inability 
to real-time assess the engagement of learners. 
Think of the traditional facilitators working in a 
classroom setting: they are constantly scanning 
for participation wanes or discussion points. They 
can then respond swiftly to either re-engage or 
re-direct. The opportunity to read and adapt to 

the body language of participants in a classroom 
has vanished.   

Digital Body Language
In 2009, Steve Woods developed the term 

“Digital Body Language” (DBL) to explain the 
science of tracking and analysing customers’ 
online habits in an effort to better understand the 
sales cycle and detect warm leads. In his book 
of the same name, he details how understanding 
activity such as where a customer clicks or, more 
importantly, does not click, gives digital market-
ers insights. DBL gives electronic signposts to a 
customer’s interests. For example, DBL analysis 
can show which content format is most appealing 
and at what time of day or week the customer 
prefers to engage. Once the DBL of a customer is 
decoded, then marketing can design content and 
campaigns that respond to these preferences. 
This increases the probability of positive and on-
going engagement with the brand and company.  

This type of thinking has not yet arrived in 
the learning industry. Every drop-off, click, or 
share is a learner shouting their likes and dislikes. 
These actions are the eye-rolls, smiles, and arms-
crossed from the classroom, simply in digital for-
mat. But we are not listening. If we took the time 
to study and decode learner DBL, we could make 
better design decisions and eliminate lengthy 
guesswork needs assessments. We could become 
competitive with that Google search because 
we are actively responding to what our audience 
is indicating that they want, instead of what we 
think they want. 

Every drop-off, click, or share is a learner shouting 
their likes and dislikes. These actions are the eye-
rolls, smiles, and arms-crossed from the classroom, 
simply in digital format. But we are not listening.

http://www.goodreads.com/book/show/6550988-digital-body-language
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CHAPTER 2

To Diagnose or Autopsy
To better understand how decoding DBL 

could improve learning design, let’s consider an 
analogy that demonstrates how L&D typically 
measures learning. A patient visits the doctor 
complaining of a stomach ache. The doctor does 
a brief physical and prescribes some tablets. The 
patient asks if the tablets will cure the illness. The 
doctor responds that it is possible, but that the 
only way to tell is to wait until the patient dies. An 
autopsy can then be performed to see if the med-
icine worked or not.  

As ridiculous as this sounds, this is the way 
that Learning and Development has been ap-
proaching evaluation. Content is deployed and 
then impact is measured. What if the solution isn’t 
effective? It might cover all of the learning objec-
tives but, if the design isn’t appealing to the audi-
ence, the evaluations will signal a need for costly 
redevelopment. As with the analogy of the doctor 
and patient, waiting to evaluate after deployment 
is just like conducting an autopsy instead of a 
diagnosis. The course has already finished, poten-
tially flat-lined, and CPR is way too late.

Data Beyond the Evaluation
Data analysis is nothing new to the learning 

industry: Likert scales, Kirkpatrick calculations, 
and learning hours are all part of our DNA. Of 
course, we want to measure the performance of 

our learning solutions. In the current L&D model 
of post-event evaluation, however, the uncom-
fortable truth is that the majority of the data we 
collect is often used to justify our existence. It is 
reactive, not proactive. We demonstrate what we 
have accomplished to keep the budget poachers 
from circling us for another financial quarter. 

Quite simply, learner data analysis is happen-
ing too late in the design process. In the ADDIE 
methodology, evaluation is planned for at the be-
ginning, but ultimately it’s the final step. In Agile 
development, evaluation is more iterative, but it 
is still an outcome-based approach. All of these 
traditional approaches miss the fact that the 
learner preferences are not detailed until post-de-
ployment.  Ignoring this key detail can negatively 
impact knowledge transfer and decrease ROI. 

Intuition and Assumptions
This lack of DBL analysis can become ex-

tremely costly, as decisions are made on intuition 
instead of facts. I was once engaged on a project 
where the stakeholder was adamant that all of 
the content had to be mobile-enabled. mLearn-
ing has been a leading trend in the L&D industry 
– and with good reason. It provides just-in-time 
access to content in short, digestible chunks. On 
paper, the decision that this content must run on 
a mobile device was a good one, because the 



Chapter 1: The Learning Elephant
Chapter 2: To Diagnose or Autopsy
Chapter 3: Introducing Data-Driven Learning Design
Chapter 4: How Does Data-Driven Learning Design Change Learning & Development?
Chapter 5: Beyond the Learning Management System Metrics
Acknowledgments

DATA DRIVEN LEARNING DESIGN LORI NILES-HOFMANN

5

target audience were new graduates. It seemed 
natural that mLearning would be most appealing 
to this target demographic given their reputation 
as early adopters of technology.

The deliverable launched and metrics were 
pulled after the first two weeks. Unexpectedly, 
the number of learners accessing the site via mo-
bile devices was less than 10%. There was nothing 
substandard about the mobile experience. In fact, 
it was quite ingeniously designed and did well 
in user acceptance testing. The reality was that 
few learners were even logging in to try it. For 
whatever reason, there was no interest, despite 
widespread communication and marketing of 
the platform. The learners were just not naturally 
gravitating towards mobile content. Their DBL 
had spoken loud and clear.

This anecdote is not suggesting that an L&D 
department should never build mLearning. Rath-
er, it is an informative tale on how understanding 
DBL in advance can save resources and precious 
budget. Let’s rewind to the start of this project. A 
better beginning would have been to look at LMS 
metrics to see how learners are engaging with 
existing mobile content. If usage is low, then it 
might simply not be a preference to the audience 
at that point in time. Alternatively, try launching 
small pieces of mobile content and measure the 
engagement. If there is an appetite, consider it a 
viable medium. In summary, L&D can no longer 
make assumptions and predictions on what learn-
ers will consume. This practice results in costly 
mistakes and leaves the audience dissatisfied. 

Learning vs. Marketing –  
A Tale of Two Departments

We have already looked at how marketing has 
weathered the disruption of digital relationships 
using data. Let’s dive deeper into some of this 
methodology by comparing the two responses to 
a design problem:

Company X asks both digital marketing and 
L&D departments to build a client education pro-

gram about a new service. At a very high level, 
this is how each would approach the solution:

L&D begins with a performance consulting 
conversation with the stakeholders to determine 
performance outcomes which are then translated 
into learning objectives. Based on budget and 
deployment, decisions about delivery channels 
and length are made. An instructional designer 
then writes tidy copy against the learning objec-
tives. The solution is piloted, a Level 1 evaluation 
deployed, changes made based on feedback, and 
finally the content is launched. 

Contrast this with a digital marketing response:
Digital marketers typically begin with an 

in-depth audience analysis. They look at all data 
available to begin to decode the DBL of their 
clients, such as:
• What device or browser do their audiences 

prefer to use?
• At what time or day of the week do they ac-

cess content?
• What length of content is optimal?
• Do they prefer videos or articles?
• What are the potential objections to the new 

service?
After this analysis, they construct a campaign 

that is responsive to all of these preferences. Im-
mediately after launch, they monitor the client en-
gagement with the content and amend real-time, 
as appropriate, to achieve the best possible user 
interaction. 

In the current L&D model 
of post-event evaluation, 
however, the uncomfortable 
truth is that the majority of 
the data we collect is often 
used to justify our existence. 
It is reactive, not proactive.
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Digital Dynamic Shift
It is evident that digital marketing is clearly 

the better doctor. They wisely adopted a diagnos-
tic approach to developing solutions, tweaking 
doses and medicine over the course of treatment. 
This refinement cycle is non-linear and organic. 
While this may feel unstable to the uninitiated, 
all actions are rooted in decoding the DBL and 
responding in a way that will best resonate with 
their audience. Basically, they use a stethoscope 
on their customers and listen very carefully.

Contrast this with the L&D approach that 
focuses on what the business wants the learner to 
do. There may have been some audience anal-
ysis during performance consulting, but design 
decisions are still based on theory and intuition. 
The process is very linear: performance outcomes 
are established at the onset and the learners are 
given content intended to train them. 

This logic erodes quickly, and brutally, in a 
digital environment. Today’s learners are access-
ing digital content hundreds, if not thousands, of 
times a day, resulting in extremely fickle attention 
spans. In contrast to a classroom environment, 
learners can, and WILL, close the browser and 
open Facebook if not interested in the content. 
This massive shift in the dynamic between L&D 
and learner means the learning design methodol-
ogies have to change. 

The learner is now in control of the content 
consumption.

Handcuffs Are Not the Answer
Now that we have established that the learner 

is in the driver’s seat when content transitions to 

digital format, the next logical challenge is how to 
retain the learner’s attention. One common solu-
tion is to simply mandate digital content as com-
pulsory. Unfortunately, this is not a viable option 
to address the ownership of control of the learn-
ing experience. Sure, it is an easy tick-box option 
in all rapid authoring tools, making it extremely 
attractive to implement. Lockstep design and 
forced seat time, however, do not increase learn-
ing retention. Likewise, your learners are probably 
opening mobile devices or a new browser while 
they wait for the ability to click ‘next’.

Regulators like NASBA adore a forced mod-
el because it is a neat and tidy way to track and 
measure learning hours. It makes their life easier. 
From a learner perspective, however, it is frus-
trating and demoralizing. EM Forster said it best, 
“Spoon feeding in the long run teaches us noth-
ing but the shape of the spoon”. 

Imagine visiting your favourite news website 
or app. For each article you click to read, you are 
prevented from scrolling at your own pace. You 
are forced to read at the speed mandated by the 
website. You are also not allowed to skim and 
scan headlines. You must read each one, in order 
of appearance. Video assets must be viewed 
completely until the end of the outro and credits, 
with no fast forwarding. As painful as this sounds, 
we do this to our learners every day. The argu-
ment can absolutely be made that a news site is 
not an eLearning module. However, that is a dis-
tinction only to us in L&D. To a learner, it is simply 
digital content and, suddenly, there are annoying 
and crippling rules. 

Today’s learners are accessing digital content hundreds, 
if not thousands, of times a day, resulting in extremely 
fickle attention spans. In contrast to a classroom 
environment, learners can, and WILL, close the browser 
and open Facebook if not interested in the content. 
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CHAPTER 3

Introducing Data-Driven 
Learning Design

The solution for L&D to remain relevant and 
viable in this new landscape is not to simply be-
come digital marketers. Each are separate entities 
with specific roles to play. That said, there are 
overlaps. In both disciplines, the objective is to 
inform an audience, with an intended outcome 
of influencing a particular behaviour. In the case 
of marketing, the goal is to convert the lead to a 
sale. It means engaging the customer in a posi-
tive and meaningful way. For learning, it is about 
influencing a change in performance. For this to 
occur, there must be an element of motivation 
and engagement to create the desire to change. 
With this parallel, it makes sense for L&D to take 
inspiration from digital marketing, particularly in 
how they leverage data.

This is where Data-Driven Learning Design 
(DDLD) fits in. In recognition of the new reality 
that the learner is in charge of all digital interac-
tions, design must be tailored to their preferenc-
es. This may result in the dissolution of some sa-
cred instructional design principles, which can be 
unsettling to L&D purists. Thinking back, however, 
to the aging elephant, we are losing our majestic 
status. We can no longer push out content that 
we believe learners should or must digest … not 

when there is evidence that tells us what learners 
are willing to consume as digital content. Instead, 
it is time to be bold and give learners what they 
want.

It is important to note that DDLD is not just 
about personalisation. While this comprises a 
piece of the methodology, it is not about building 
content in various media formats, drip-feeding 
to a learner the version you think they’d prefer to 
make them happy. This is costly and onerous to 
maintain. Likewise, DDLD is not about producing 
fancy algorithms to predict content that might 
interest a learner, much like the “People who 
bought this, also bought X” push on Amazon. 
These can be helpful, and some LMS developers 
are doing this with great success. 

Rather, DDLD is holding up that stethoscope 
to the learner experience and listening for the in-

In recognition of the new 
reality that the learner 
is in charge of all digital 
interactions, design must be 
tailored to their preferences. 
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sights and, more importantly, constantly respond-
ing to maintain engagement.

The Three Phases of DDLD
DDLD is three-fold: it is a) leveraging different 

learner data to gather insights to make informed 
design strategies; b) building content against the 
identified preferences; and c) refining and adjust-
ing content to increase engagement. More simply 
put, it is: Discover Insights, Respond, Monitor. 
When done effectively, and in a regular cycle, it 
can drastically streamline both the needs assess-
ment and design decision cycles. Data insights 
will automatically determine and validate solution 
type. Yes, this is anathema to the traditional linear 
process used in L&D. The iterative nature means 
L&D teams must be agile and willing to experi-
ment. Let’s look at a sample project using DDLD. 

DDLD in Action
You are an L&D leader 

tasked with upskilling learn-
ers on a new project man-
agement methodology. 
Once the performance 
outcomes are identified 
and the learning objec-
tives locked down, it’s 
time to mine for data. 
First place to go is the 
LMS and pull some basic 
reports on:
• Most viewed or com-

pleted content
• Device used to access con-

tent (mobile vs. desktop)
• Time of day for peak LMS usage

These are only sample pieces of data, and 
what can be extracted will depend greatly on 
the particular LMS in an organization. Likewise, 
if there is no LMS, there are other data sources. 
These are detailed in Chapter 5. 

One very important caveat is that the data 
pulled should be from non-mandatory content. It 
is impossible to read true digital body language in 
a forced environment. The learner has no choice 
but to click ‘next’. The valuable data is content 
when the learner is truly in control.

Phase 1: Discover Insights
Once the data is collected, a quick review 

should start to yield insights. Consider the follow-
ing:
• What media type is the most consumed con-

tent?
• What length seems optimal based on usage?
• Is mobile access high or low?
• When do learners log in?
• What browser type is utilised?

Even from this short list, the identified 
trends eliminate a lot of design guess-

work. Once the DBL is decoded, 
then you already have answers 

to decisions like format and 
length, as well as technical 
optimization. The most 
active times also suggest 
the best launch window 
for maximum lift. Content 
is then developed and de-
ployed against these base 
parameters.

This is not the end of 
the DDLD methodology. As 

mentioned, there are three 
phases to consider, and the 

identification of DBL and building a 
response is only the first one. Next, it is 

critical to monitor engagement with the digital 
asset starting immediately at launch. 

Phase 2: Monitor
Half-life is a term used in digital marketing, al-

though inspired by Physics. It refers to “the point 

MONITOR

D
IS

C
O

V
ER

 IN
SIGHTS

RESPO
N

DThree Phases
of DDLD

http://www.socialtalent.co/blog/the-short-half-life-of-your-social-media-posts
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at which your post has received 50% of all the at-
tention it’s going to get – likes, comments, shares, 
etc.” There are many different estimates you can 
Google; but, generally speaking, the half-life of a 
Facebook post is about 90 minutes and a tweet is 
less than 20 minutes. There has been no analysis 
to date on the half-life of a piece of digital learn-
ing content, and it would likely vary significantly 
from platform, to organization, to audience type. 
That said, it would be safe to bet that it is likely a 
fairly short period of time, measured in days, not 
months.

This brief half-life period is a critical time to 
track how learners are interacting with the con-
tent. It’s a short window of opportunity to exam-
ine DBL and respond, if required. The key part 
here is not to focus on completions. If your LMS 
allows it or, in the case of video assets, you have 
a hosting provider with robust data tracking, start 
looking deeper. The attention should be on the 
incompletes – these are the learners who have 
opened your digital content but then closed it 
again. If this was classroom-based training, these 
are the learners who have grabbed their stuff and 
left the building, never to come back. They didn’t 
even wait politely for the coffee break.

Phase 3: Respond
This moves the methodology into the third 

phase, which is to analyse where these drop-offs 
are occurring and to try to determine why. This 

might involve some creative problem-solving. For 
example, if drop-offs are occurring early on, is the 
intro too long to yield value? If there are lots of 
rapid opens and closes, is the content not titled 
accurately? The learner might believe the content 
is not what was expected and therefore disen-
gages.

The reasons for drop-offs can be numerous, 
and solutions will involve some guesswork. If you 
are in a small organization, you may be able to 
ask learners directly. In a larger company, this 
may not be feasible. Given the speed and shelf life 
of digital content, there is likely no time to survey 
learners. However, with rapid authoring tools, 
it can be relatively painless to make real-time 
amendments to try to increase engagement. 

All of this might feel very time-consuming 
and cyclical – and, in the beginning, it will be. For 
the first few solutions there will be a continuously 
repeated cycle, probably several times. That is 
why it is best to begin by learning from smaller 
pieces of content. After this is completed, future 
development is streamlined, because the general 
digital body language of the audience has been 
decoded. You have achieved a deeper under-
standing of the predictors of engagement.

This is not to say that future deployment 
should not be monitored and evaluated. Learner 
preferences can and do change. Likewise, the 
culture of organizations evolves. DDLD simply 
provides the framework to listen and understand.

http://www.socialtalent.co/blog/the-short-half-life-of-your-social-media-posts
http://www.socialtalent.co/blog/the-short-half-life-of-your-social-media-posts
http://www.socialtalent.co/blog/the-short-half-life-of-your-social-media-posts
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CHAPTER 4

How Does Data-Driven  
Learning Design Change 
Learning & Development?

With that overview of how DDLD might 
operate, let’s unpack some of the changes that 
this would mean for an L&D team. The fact is, 
utilising data to make learning design decisions 
is counterintuitive to how learning professionals 
construct solutions. We design using theory and 
best practices and rely on our expertise. However, 
a loosening of some of our instructional design 
rules has the potential to yield greater learner 
engagement. Here are a few of the ways I believe 
DDLD impacts L&D status quo:

Seat Time
DDLD resets the seat time for learners in a 

bold way. The traditional view is that content 
should be the length that it needs to be to cov-
er learning objectives and meet outcomes. In 
some geographies, seat time is mandated by the 
minimum required to be eligible for professional 
designation credits or compliance regulations. 
So setting the optimum length for content-based 
DBL is contrary to standard instructional design. 
In a digital world, however, the attention span 

and appetite of the learner is paramount. It’s also 
decreasing rapidly. 

An analysis of 40 million YouTube videos by 
Visible Measures demonstrates that one-third of 
viewers drop off at the 30-second mark, and half 
are gone by 60 seconds. Likewise, there is contin-
uous digital competition for attention. Research 
suggests that people check their smartphones 
up to several hundreds of times per day. With 
the learner’s mouse constantly hovering over the 
‘close’ button, length tolerance is critical and must 
be taken seriously. Of course, there are always 
anomalies like Gangnam Style that rakes in over 
2.5 billion YouTube views at a length of 5:03. If 
you are the learning equivalent of the Korean pop 
star Psy, then you probably already know what 
you are doing and can stop reading. I’d also like to 
take a selfie with you.

Instructional Design Principles
So how does one decrease the length 

of seat time to address short attention 
spans and content competition? As high-

http://trackmaven.com/blog/2015/10/metrics-that-matter-youtube-analytics/
https://www.youtube.com/watch?v=9bZkp7q19f0
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lighted previously, the theory and methodology 
used by instructional designers vastly precedes 
the advent of digital learning. Thus, many of the 
standards taken for granted as part of design are 
not applicable. Changing the principles can short-
en content length, while still delivering outcomes.

Mining the collective knowledge of the ways 
that digital marketers use data analytics will result 
in some industry best-practices that L&D might 
be well-advised to follow. Some of these princi-
ples include:
• Avoid lengthy intros and outros
• Be concise and get to the point immediately
• Include a Call to Action (CTA)

While these are not incongruent with good 
learning design, it does raise questions about list-
ing learning objectives, consistency, and summa-
ries, all of which are standard in L&D.

Consider the following typical learning vid-
eo: a standard introduction, an overview which 
includes learning objectives, and the content, 
followed by a summary which usually includes 
a review of the learning objectives. While these 
might work in the classroom, they may not trans-
late into digital.

A video can likely be streamlined by forego-
ing the list of learning objectives and using an 
intuitive title instead. Likewise, for the learner who 
is viewing several videos, repetition can become 
irritating. I witnessed this during a launch of a se-
ries of how-to video assets that all had the same 
20-second intro. Learners quickly learned that the 
content didn’t begin until 21 seconds in and they 
would fast-forward to that point. Lastly, for videos 
that are relatively short in length, a summary is 

quite likely redundant, as the learner can easily 
replay or pause on any content they choose. A 
better ending might be the Call to Action – spec-
ifying what the learner should do next; for exam-
ple, a link to a job aid, or a checklist.

As highlighted earlier, learning and marketing 
are not the same. What works in one discipline 
may not be applicable in another. Similarly, dig-
ital modalities are still a relatively new concept 
for learners. To truly achieve results, we need to 
better understand the complex relationship be-
tween learner and screen. To a learner, there is no 
discernable difference between a learning video, 
a news clip on bbc.co.uk, or a how-to video on 
YouTube. It is all digital content to be consumed 
and digested.  

Applying DDLD might mean the evolution of a 
new paradigm of best practices to design learn-
ing content, just as it did in marketing. These new 
best practices may very well trigger the end of 
some instructional design standards.

Modality
Hundreds, if not thousands, of learning design 

sessions have indicated to me that the modal-
ity of a solution is generally decided through a 
combination of budget, timelines, and intuition. 
Budget and timelines are unmovable and cannot 
be eliminated as factors. The last facet, intuition, 
is more complex. What prompts the choice be-
tween an eLearning or video? We may think that 
the content might be best retained if interactivity 
is added, or that a video would not allow for a 
demonstration of learning objectives achieved 

To truly achieve results, we need to better understand the 
complex relationship between learner and screen. To a learner, 
there is no discernable difference between a learning video, 
a news clip on bbc.co.uk, or a how-to video on YouTube. 
It is all digital content to be consumed and digested.  
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via knowledge checks. Whatever the rationale, it 
is still basically an opinion. Surely, it is an opinion 
based on expertise and experience, but it is nev-
ertheless a gut feeling.

With DDLD, we can make well-informed rec-
ommendations for solutions that resonate with 
C-level stakeholders. Contrast the following two 
statements:

“We recommend a video solution” vs.
“We recommend a video solution under 3 min-

utes because our current videos are completed 
23% more often than our eLearning solutions, and 
the average length of view time is 2:50 minutes. It 
is likely the best investment”.  

The latter statement elevates L&D from a 
solutions provider to a strategic partner. Likewise, 
there is a greatly likelihood that the content will 
achieve more engagement. That’s a win-win.

It is important to note that DDLD is not a 
paint-by-number approach to building learning. 
There is no “insert Tab A into Slot B” that will yield 
a guaranteed learning outcome. Poorly designed 
learning is still bad content. DDLD is simply a 
methodology to guide faster and better design 
decisions.
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CHAPTER 5

Beyond the Learning  
Management System Metrics

Implementing DDLD is not dependent on 
content being hosted on an LMS. There are a 
multitude of data sources that should be mined, 
particularly at the onset of a project. These go 
beyond the traditional research conducted during 
a needs analysis. Rather, these are metrics lever-
aged perhaps by IT, Communications, or HR, that 
can provide learner DBL cues.

Learning priorities tend to cascade from the 
top down. Leadership sets the direction of the 
business, and L&D supports the achievement of 
these goals. There is also, however, an abundance 
of knowledge held by the end user who is func-
tioning day-to-day in the business.

Intranet Search Terms
One of the data sets I recommend pulling 

on a weekly basis is a list of the top ten intranet 
search terms. This should be easily obtained by 
IT, no matter what platform is used, and it is a 

real-time look into the immediate needs of your 
learners. This list indicates precisely what is im-
portant to your audience, without the need for 
lengthy surveys or interviews. From these terms, 
you can easily determine:
- Is there existing content aligned with the 

search term?
- Do the search terms align with the direction 

set by leadership?
If content is available, consider promoting it to 

your audiences on prominent pages. In the event 
that no content exists, determine whether there 
is a need. If the search terms are not aligning with 
the key priorities of the business, this is a question 
best raised with leadership to determine action 
against the disparity.

Lastly, the sudden proliferation of a new 
search term could be the canary in the coal mine 
alerting L&D, and subsequently leadership, to 
the need for content not yet identified. In volatile 

Trends will emerge - and they are often surprising. 
These insights can be used to streamline 
and inform future design decisions



Chapter 1: The Learning Elephant
Chapter 2: To Diagnose or Autopsy
Chapter 3: Introducing Data-Driven Learning Design
Chapter 4: How Does Data-Driven Learning Design Change Learning & Development?
Chapter 5: Beyond the Learning Management System Metrics
Acknowledgments

DATA DRIVEN LEARNING DESIGN LORI NILES-HOFMANN

14

or dynamic industries, new products and inno-
vations are rapidly evolving and lie outside of 
the standard development cycle. This can result 
in the design of a true just-in-time solution. By 
using the search terms to determine DBL, you 
can become a more responsive and agile learn-
ing content provider. The L&D department is also 
positioned as a proactive problem-solver, instead 
of an order-taker. 

Video Hosting Solutions
For video learning assets, consider placing 

them on a video hosting service like Akamai. Like-
wise, if you are not restricted by company privacy 
rules, YouTube is a free and viable option. These 
platforms have been built with digital marketing 
in mind, so the analytics are extremely robust. 
The metrics that are available go far beyond 
what can typically be accessed on an LMS, and 
you can analyse true performance beyond basic 
completions. For example, on a basic YouTube 
Overview Report you can view:

Performance metrics: Summarizes watch 
time, views, and earnings (if applicable) for the 
selected content.

Engagement metrics: Displays the most rel-
evant data for the different engagement criteria, 
such as likes, dislikes, comments, shares, and 
favourites.

Top 10 content: Shows the top 10 pieces of 
content for your channel, such as channels, play-
lists, and assets, according to watch time.

Demographics: Gathers information on the 
gender and the location of viewers.

Discovery: Summarizes the metrics for top 
playback locations and top traffic sources by 
watch time.

With this data, you can obtain a very clear 
picture of your audience’s Digital Body Language. 
This can significantly help you to optimize the 
engagement with your learners, especially as you 
compare and contrast the performance of several 

videos. Trends will emerge – and they are often 
surprising. These insights can be used to stream-
line and inform future design decisions.

The challenge with using an external video 
hosting service is that the content is not connect-
ed to your LMS. This can be mitigated through 
the usage of Tin Can; however, do exercise due 
diligence regarding learner data privacy. Some 
geographies and companies are rightfully sensi-
tive to the usage of data tracking, and it is critical 
not to breach those regulations.

Technology Adoption Metrics
A common scenario tasked to L&D is to 

develop training on new software or technolo-
gies. These can be particularly time-consuming, 
as they involve tedious screenshots and how-to 
videos. Not only is this resource intensive, but the 
consumption might be quite low.

Huge strides have been made in the field of 
User Interface Design. Software is generally con-
structed to be as intuitive as possible. Likewise, 
the technology savviness level of today’s learners 
is increasing. This begs the question of whether 
there is actually a benefit in designing a learning 
solution for every process. Yes, this is counter 
to traditional L&D methodology: performance 
outcomes are determined, learning objectives 
generated, content created. If we want a learner 
to perform X, we need to teach X. Or do we?

Applying DDLD would streamline design and 
decrease development costs. The majority of 
technology solutions employ some form of track-
ing or metrics on detailed usage. Instead of build-
ing content against all performance outcomes, 
launch the software solution to a subset of the 
intended audience. If certain processes appear to 
be intuitively discovered by users, then a learning 
solution for this particular performance outcome 
is not required.   

To give context, consider any new technology 
that you might have recently adopted. It might 
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be online banking, a music streaming service, or 
a wearable tech. More than likely, you were able 
to pick up the general process flow without any 
instruction. If you did have a question, a Google 
search could almost certainly provide the answer. 

This is not to say that all new software you 
might deploy is intuitively designed. Learning, 
however, should not be the solution for a bad user 
interface. Likewise, some audiences will not have 
naturally strong technology skills, so it is critical 
to know your audience. The main point is to only 
design content against performance outcomes 
that are demonstrated as required based on the 
initial subset launch. It is highly probable that 
basic functions such as entering comments or 
hitting ‘submit’ are now so engrained in our DNA 
that a learner will naturally intuit the steps. This 
condenses the learning content drastically and 
utilises resources and budget more effectively.   

Social Learning
Many organizations use products like Yammer 

or Tibbr. A strategic L&D department should have 
a keen eye on trending hashtags and topics. Posts 
that receive numerous likes or lengthy conversa-
tions deserve an analysis. This is a real-time win-
dow into the immediate learner needs which will 
show what is important faster than any survey.

These are just some of the ways that DDLD 
can be applied to gain insights about learner 
DBL. Every organization will have individual and 
unique pockets of data and metrics. The key is to 
think laterally about what exists where you are, 
and how it might inform better design decision. 
Likewise, digital solutions designed with DDLD 
must include the Respond and Monitor phases. 
These are critical to fine-tuning the deliverable 
to increase engagement. As an L&D department 
matures in DDLD, these cycles for the future will 
become shorter as the insights from DBL become 
more intimately understood.

Back to the Elephant
There will always be a need for learning and 

development. Companies must grow top talent 
to remain viable and achieve objectives. There-
fore, it would be irresponsible to suggest that 
the industry is dying. Let’s think back, however, 
to the aging L&D elephant on the Serengeti. It is 
surrounded by fast and nimble predators, salivat-
ing and ready to pounce and bite. The question is 
whether the elephant can learn to outsmart the 
circling lions and cheetahs, or if it will become an 
endangered species – a protected relic that never 
quite flourishes independently.

The elephant is still a wise and noble creature, 
and the same can be said for L&D. DDLD does 
not signal a discarding of all the expertise and 
theory acquired by the industry to date. Good 
and solid instructional design fundamentals never 
go out of style. Those foundations are what make 
this industry of value.

Still, the migration from classroom to digital 
demands a new relationship with the learner that 
needs to be negotiated. If you are skeptical, ask 
yourself this fundamental question: do your learn-
ers go first to Google or to your LMS when they 
are looking for content? To remain viable to our 
audiences, we have to give them what they want 
and how they want it. We can do this if a) we 
are willing to listen to the digital body language 
of our audiences; and, more critically, b) we are 
brave enough to loosen our grip on some L&D 
paradigms to respond to the DBL insights.

I’d like to close with one key takeaway: the 
number one thing I would advise any CLO or 
learning leader to do would be to bring in a data 
scientist, even for a short period, to really look at 
your learner DBL. This new lens would discover 
if your learning solutions are truly matching the 
learner needs. If you can look beyond comple-
tions and evaluations, and dive further into the 
data, this knowledge can only serve to empower 
and streamline a modern learning department. 
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