
 

Appendix 1: 
 
MPV codes victims as “unarmed” based on guidelines they have published; most notably, they classify 
victims “holding a toy weapon” as unarmed (“Mapping Police Violence,” 2017). This is a discrepancy 
from both The Guardian and The Washington Post. The Guardian distinguishes between codings of 
“unarmed” and “non-lethal firearm” (Swaine et al., 2016), while The Washington Post distinguishes 
between “unarmed” and “toy weapon” (“Fatal Force,” 2017). Our dataset includes all incidents coded as 
“unarmed” or “unclear” by MPV, “unarmed,” “unknown,” “disputed,” or “non-lethal firearm” by The 
Guardian, and “unarmed,” “undetermined,” or “toy weapon” by The Washington Post. 
 
 
Table A1. Using a Logistic Regression, We Find That in the Period After Michael Brown’s Death, an 

Unarmed Black Person Killed by the Police Had a 24.9 Percentage Point Greater Chance of Having at 
Least One Article Published About Them. 

 

 Chance of 
Coverage 

After Brown’s Death 1.020*** 

 (0.242) 

Age -0.010 

 (0.010) 

Gender (Male) -0.063 

 (0.446) 

ln Population 0.107 

 (0.055) 

Intercept -1.309 

 (0.854) 



 

AIC 445.544 

BIC 464.585 

Log Likelihood -217.772 

Deviance 435.544 

Num. obs. 333 

***p < 0.001, **p < 0.01, *p < 0.05 

 
Table A2. In a Negative Binomial Model Estimating the Number of News Stories in the Two Weeks 

After a Death, We Find a Rise and Decline in the Incidence Rate of Stories About People Killed From 
2013 Through Mid-2016. 

 
 
 

 Rate of News Coverage 
per Death 

Age -0.044 

 (0.100) 

Gender (Male) -0.011*** 

 (0.002) 

ln Population 0.037* 

 (0.018) 

After Brown’s 
Death 

1011.873*** 

 (305.297) 



 

Day 6.250*** 

 (1.836) 

Day2 -0.013*** 

 (0.004) 

Day3 0.000*** 

 (0.000) 

After Brown x 
Story Day 

-6.317*** 

 (1.836) 

After Brown x 
Day2 

0.013*** 

 (0.004) 

After Brown x 
Day3 

-0.000*** 

 (0.000) 

Intercept -989.783** 

 (305.277) 

AIC 17057.645 

BIC 17145.436 

Log Likelihood -8516.823 

Deviance 6328.149 



 

Num. obs. 11113 

*** p < 0.001, ** p < 0.01, * p < 0.05 

Table A3. In a Negative Binomial Model Estimating the Number of News Stories in the Two Weeks 
After a Death, We Find a Rise and Decline in the Incidence Rate of Stories About People Killed from 

2013 Through Mid-2016. 
  
 

 Rate of News Coverage per Death 

Age -0.019 

 (0.012) 

Gender (Male) -1.092** 

 (0.550) 

ln Population 0.389*** 

 (0.069) 

Day -0.003 

 (0.005) 

Day2 0.00002*** 

 (0.00001) 

Day3 0.000*** 

 (0.000) 

Intercept -2.159 



 

 (1.339) 

AIC 2004.010 

BIC 2034.475 

Log Likelihood -994.005 

Deviance 321.987 

Num. obs. 333 

*** p < 0.001, ** p < 0.01, * p < 0.05 

 
 

Table A4. In the Period After Michael Brown’s Death, Stories Mentioned Other Victims at Greater 
Rates, a Difference That Declined But Persisted Over Time. 

 
  

 Modeling Change in Framing 

Intercept -989.783** 

 (305.277) 

Age -0.044 

 (0.100) 

Gender (Male) -0.011*** 

 (0.002) 

ln Population 0.037* 

 (0.018) 



 

After Brown’s Death 1011.873*** 

 (305.297) 

Story Day 6.250*** 

 (1.836) 

Story Day ^2 -0.013*** 

 (0.004) 

Story Day ^3 0.000*** 

 (0.000) 

After Brown x Story Day -6.317*** 

 (1.836) 

After Brown x Story Day ^2 0.013*** 

 (0.004) 

After Brown x Story Day ^3 -0.000*** 

 (0.000) 

AIC 17057.645 

BIC 17145.436 

Log Likelihood -8516.823 

Deviance 6328.149 



 

Num. obs. 11113 

***p < 0.001, **p < 0.01, *p < 0.05 
 
 
Table A5. Negative Binomial Model Estimating the Incidence Rate of Facebook Likes and Shares 

Received by Articles About an Unarmed Black Person Killed by the Police From 2013 Through 
Mid-2016 

 

 Rate of  Facebook 
Shares & Likes 

After Brown’s Death -0.145 

 (0.602) 

Age 0.025 

 (0.013) 

Gender (Male) 0.903 

 (0.586) 

ln Population 0.061 

 (0.072) 

Day of Death 0.012*** 

 (0.003) 

Day of Death2 -0.000** 

 (0.000) 

Days Before 
Sampling Facebook 

0.006** 



 

 (0.002) 

ln Num Stories 1.630*** 

 (0.091) 

Intercept -6.614* 

 (3.087) 

AIC 2925.625 

BIC 2957.989 

Log Likelihood -1452.812 

Deviance 236.704 

Num. obs. 188 

***p < 0.001, **p < 0.01, *p < 0.05 
 

 
  



 

Appendix 2: 
 
Readers may wonder if differences we observed before and after the death of Michael Brown 
are attributable primarily to media coverage of a small number of people whose deaths received 
substantial media and advocacy attention, including Sandra Bland, Walter Scott, Freddie Gray, 
and Tamir E. Rice. In this view, news media and social media attention might be so infrequently 
allocated to police violence that the attention afforded a small number of deaths might introduce 
substantial leverage into our models. To ask this secondary question, we have conducted a set 
of exploratory, follow-up analyses that revisit the paper's main questions using datasets that 
have removed these four people. 

H1A: The Chance of News Coverage 
For a follow-up analysis on the chance of news coverage (H1A), we omit four observations for 
people who received especially substantial coverage. In this model, as with our main model, we 
continue to find a large, statistically-significance increase after the death of Michael Brown in the 
chance of a death being covered by at least one news article (p=.00004) (Figure A1, Table A1). 
 

 
Figure A1: Using a logistic regression, we find that in the period after Michael Brown’s death, 
an unarmed Black person killed by the police had a 24.7 percentage point greater chance of 
having at least one article published about them, among less well known deaths. 
 
  
 Chance of Coverage 

After Brown’s Death 0.992*** 

 (0.242) 



 

Age -0.010 

 (0.010) 

Gender (Male) 0.001 

 (0.452) 

ln Population 0.108* 

 (0.055) 

Intercept -1.396 

 (0.866) 

AIC  441.953  

BIC  460.933  

Log Likelihood -215.976  

Deviance 431.953 

Num. obs. 329 

***p < 0.001, **p < 0.01, *p < 0.05 

Table A1: Using a logistic regression, we find that in the period after Michael Brown’s death, 
an unarmed Black person killed by the police had a 24.7 percentage point greater chance of 
having at least one article published about them, among less well known deaths. 

 

H1B: The Rate of News Articles 
For a follow-up analysis on the rate of news articles (H1B), we omit four observations for people 
who received especially substantial coverage. In this model, as with our main model, we 
continue to find an increase and decline in coverage over time (Table A2, Figure A2). 



 

 

 
Figure A2: In a negative binomial model estimating the number of news stories in the two weeks 
after a death, we find a rise and decline in the incidence rate of stories about people killed from 
2013 through mid-2016, among less well known deaths. 
 

 Number of Stories 

Age -0.023** 

 (0.012) 

Gender (Male) -0.218 

 (0.517) 

ln Population 0.390*** 

 (0.063) 

Day 0.009*** 

 (0.002) 

Day2 -0.000*** 



 

 (0.000) 

Intercept -4.161*** 

 (1.146) 

AIC 1868.10 

BIC 1894.68 

Log Likelihood -927.05 

Num. obs. 329 

***p < 0.001, **p < 0.01, *p < 0.05 

Table A2: In a negative binomial model estimating the number of news stories in the two 
weeks after a death, we find a rise and decline in the incidence rate of stories about people 
killed from 2013 through mid-2016, among less well known deaths. 

 

H2A: The Chance of a Story Mentioning Another Victim 
For a follow-up analysis on the chance of a story mentioning at least one other unarmed black 
person killed by the police (H2A), we conducted our analysis with the subset of 4,760 stories 
about less well known figures. In this model, as in the main model, observe a substantial 
increase in the chance of a story mentioning at least one other victim (Table A3, Figure A3). 
 
 



 

 
Figure A3: Using a logistic regression, we find that in the period after Michael Brown’s death, 
an article about an unarmed Black person killed by the police had a 12.7 percentage point 
greater chance of mentioning one other victim, among less well known deaths. 
 

  
 Chance of Including Another Victim 

After Brown’s Death 2.733*** 

 (0.237) 

Age -0.070*** 

 (0.005) 

Gender (Male) 0.590* 

 (0.238) 

ln Population 0.414*** 

 (0.030) 



 

Intercept -7.778*** 

 (0.556) 

AIC 4348.136 

BIC 4380.476 

Log Likelihood -2169.068 

Deviance 4338.136 

Num. obs. 4760 

***p < 0.001, **p < 0.01, *p < 0.05 

Table A3:  Using a logistic regression, we find that in the period after Michael Brown’s 
death, an article about an unarmed Black person killed by the police had a 12.7 percentage 
point greater chance of mentioning one other victim, among less well known deaths. 

 

H2B: The Rate of Stories Mentioning Other Victims 
For a follow-up analysis of the number of sentences that mention other unarmed black people 
killed by the police (H2B), we omitted articles where the most recently killed person mentioned 
in the story was one of the four notable figures excluded in this set. The resulting dataset 
includes 4,760 stories. This reduced dataset has near complete separation for the covariates 
included in the negative binomial model specified for H2B. To address the characteristics of this 
altered dataset, we fit a simplified model without exponential interactions, as follows: 
 

 
 
With this simplified model, we observe similar relationships to those observed in our main 
analysis: among less well known people, the incidence rate of stories mentioning of other 
unarmed black people killed by the police increased after the death of Michael Brown and 
declined over time (p=0.035) (Table A4, Figure A4). 
 



 

 
Figure A4: Estimated incidence rate of mentions of other victims for a prototypical person of 
median age, regional population, and number of stories. In a negative binomial model, we find 
that in the period after Michael Brown’s death, an article about an unarmed Black person killed 
by the police mentioned a greater number of other victims on average (p=0.035), among articles 
published soon after the deaths of a subset of victims whose deaths received less media coverage. 
 
  
 Chance of Including Another Victim 

After Brown’s Death 2.87* 

 (10.57) 

Age -0.05 *** 

 (0.00) 

Gender (Male) 0.23 

 (0.21) 

ln Population 0.32*** 



 

 (0.02) 

Story Day 0.03 

 (0.02) 

After Brown x Story Day  -0.03 

 (0.02) 

Intercept -22.34* 

 (10.61) 

AIC 6987.14 

BIC 7038.88 

Log Likelihood -3485.57 

Deviance 2900.92 

Num. obs. 4760 

***p < 0.001, **p < 0.01, *p < 0.05 

Table A4:  Using a negative binomial model, we find that in the period after Michael Brown’s 
death, an article about an unarmed Black person killed by the police mentioned a greater 
number of other victims on average, among a subset of victims whose deaths received less 
media coverage. 

H3: The Rate of Facebook Likes and Shares 
For a follow-up analysis on the rate of Facebook likes and shares (H3), we conducted our 
analysis with the subset of 184 less well known figures. In this model, as with our main model, 
we observe an increase in the incidence rate of total Facebook shares and likes, adjusting for 
the number of articles (Table A3, Figure A3). 
 



 

  
 
Figure A5: Estimated incidence rate of Facebook Shares and Likes for a prototypical person of 
median age, regional population, and number of stories, among stories about lesser known 
deaths. Upper confidence intervals are truncated for readability.  
 

 Rate of  Facebook 
Shares & Likes 

After Brown’s Death -0.038 

 (0.609) 

Age 0.026 

 (0.014) 

Gender (Male) 0.966 

 (0.612) 

ln Population 0.063 

 (0.074) 

Day of Death 0.012*** 



 

 (0.004) 

Day of Death2 -0.000** 

 (0.000) 

Days Before Sampling Facebook 0.006** 

 (0.002) 

ln Num Stories 1.694*** 

 (0.103) 

Intercept -6.603* 

 (3.120) 

AIC 2785.203 

BIC 2817.353 

Log Likelihood -1382.602 

Deviance 231.341 

Num. obs. 184 

***p < 0.001, **p < 0.01, *p < 0.05 

Table A5: Negative binomial model estimating the incidence rate of Facebook Likes and Shares 
received by articles about an unarmed black person killed by the police from 2013 through mid-
2016, among lesser known deaths. 
 


