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Q-Anon: From 4-chan to the Capitol 
Liz Olson (emo2136) 

 

The far-right QAnon conspiracy made national headlines as Trump supporters—including many 

self-professed QAnon believers—stormed the U.S. Capitol on January 6, 2021.1 Although the 

Capitol siege thrust QAnon into the national spotlight, the conspiracy theory has been linked 

with numerous violent attacks since the first “Q drop” in 2017, including murder, bomb-threats, 

kidnapping, and attacks on public infrastructure.2 In May 2019, over a year before the Capitol 

attacks, an FBI bulletin described the growing threat of “fringe conspiracy theory” driven 

“domestic extremists,” specifically citing QAnon as a group of concern. This bulletin highlighted 

that “certain conspiracy theory narratives tacitly support or legitimize violent action,” motivating 

their adherents to commit violent acts.3 This text analysis project aims to better understand 

QAnon narratives, particularly the way that those narratives have changed over time as QAnon 

was pushed to increasingly fringe platforms. 

Background 

The Origins of QAnon 

The first widely recognized “Q drop,” or QAnon post, appeared on 4chan’s /pol/ message board 

in October 2017, with an anonymous post claiming that Hillary Clinton would be arrested the 

following Monday.4 The poster, “Q Clearance Patriot,” claimed to be a high-level government 

 
1 Harwell et al., “QAnon Reshaped Trump’s Party and Radicalized Believers. The Capitol Siege May Just Be the 
Start.” 
2 Becker, “QAnon.” 
3 “Anti-Government, Identity Based, and Fringe Political Conspiracy Theories Very Likely Motivate Some 
Domestic Extremists to Commit Criminal, Sometimes Violent Activity.” 
4 Q Origins Project, “The Making of QAnon.” 
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agent with top-secret “Q-level” security clearance.5 QAnon quickly gained a dedicated 

following, and by 2018 was named one of the “25 Most Influential People on the Internet” by 

Time Magazine.6 Part of the allure and popularity of QAnon has been attributed to its 

participatory nature, which resembles a popular genre of alternate reality games. As the 

Financial Times explains,  

The movement is gaining ground partly because its modus operandi — followers 

deconstruct cryptic clues from a government “insider” to uncover the hideous plot — 

emulates the addictive qualities of a Larp.7 

While Larps have existed on forums like 4chan for years,8 QAnon fans reflect an older 

demographic than traditional 4chan posters and may be less critical of information they come 

across on these image boards than the younger generation of internet natives.9 

 

After a few months on 4chan, Q announced that the platform had been “infiltrated” and moved to 

the 8chan board /cbts/, which stands for “calm before the storm,” owned by a South African man 

named Paul Ferber.10 8chan founder Fredrick Brennan claims that while Furber was likely “the 

original Q,” Jim Watkins, who purchased 8chan from Brennan, eventually took control of the Q 

account around January 2018.11 Swiss company Orph Analytics confirms that QAnon dposts 

appear to have two distinct authors, based on stylometry analysis of all 4,953 Q drops: their 

analysis suggests that the account changed hands when Q began posting on 8chan in December 

 
5 Wendling, “QAnon.” 
6 Time Staff, “Meet This Year’s 25 Most Influential People on the Internet.” 
7 Kaminska, “QAnon Lures Adherents by Acting like a Game.” 
8 Zadrozny and Collins, “Who Is behind the Qanon Conspiracy?” 
9 Binder, “Why Some Baby Boomers Are Eating up the QAnon Conspiracy.” 
10 Vogt, “Country of Liars.” 
11 Vogt. 
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2017.12 In mid-2019, 8chan was forced offline after links to the Christchurch shooting in New 

Zealand and synagogue shooting in California were revealed.13  After several months of 

inactivity, Q moved to 8kun, where the account continued to make posts until December 2020.14 

After Donald Trump lost his reelection bid in early November 2020, Q went abruptly quiet, 

posting only a few short drops before falling completely silent in December. In January, Watkins 

posted a message on Telegram that many have interpreted as a “resignation letter”15: 

We gave it our all. Now we need to keep our chins up and go back to our lives as best we 

are able… As we enter into the next administration please remember all the friends and 

happy memories we made together over the past few years.16 

QAnon has published no new drops since Watkin’s January Telegram message. 

Research Questions and Methodology 

Key Questions 

1. Do QAnon posts become more incendiary over time? How does the sentiment of 

these posts change between platforms? 

Looking at the escalation in the violent and illegal activities carried out by QAnon 

supporters, culminating in the mass mobilization at the January 6 attacks, it appears that 

the community has become increasingly radicalized. Does the rhetoric reflect this 

escalation, or perhaps even indicate incitement to commit violent acts? 

 

 
12 OrphAnalytics, “QAnon Is Two Different People, Shows Machine Learning Analysis from OrphAnalytics.” 
13 Lee, “8chan Far-Right Forum Offline as Cloudflare Cuts Support.” 
14 Breland, “How QAnon Will Outlive 8Chan.” 
15 Silverman et al., “Is This Q?” 
16 @CodeMonkeyZ, “Telegram: Contact @CodeMonkeyZ,” January 20, 2021. 
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2. What are the key issues discussed in QAnon posts? Does this change over time and 

across platforms? 

QAnon has posted thousands of times over the past few years across multiple platforms. 

The messages are often cryptic, referencing a shared lexicon that is difficult for a casual 

reader to interpret. Through identifying key topics and terms, this research may be able to 

shed light on the most prevalent themes that warrant further exploration. If the QAnon 

account changed hands around the time it changed platforms, as posited above, we may 

expect to see differences in topics discussed on different platforms. 

Data 

The data used for this analysis was accessed via a Github repository published by software 

engineer Jack Kingsman, who scraped the posts from QAnon aggregator site qposts.online.17 

These include all published QAnon posts, spanning the time period between October 2017 and 

December 2020. Although the data in the initial JSON file contained 4953 posts, some of these 

contained only links or filenames. These posts were removed during preprocessing, leaving 4174 

remaining text posts for final analysis. Text pre-processing steps included lowercasing, 

stemming, and removing symbols and numbers. The metadata for the posts in this corpus 

includes information on the time the post was made, the imageboard (4chan, 8chan, or 8kun), 

and the channel (/thestorm, /pol, /thegreatawakening, /cbts, etc.) where each Q post was 

published. 

 

 

 

 
17 Kingsman, “Jkingsman/JSON-QAnon.” 
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Methodology 

This report applies a text-as-data approach to explore topics and trends in QAnon posts, 

primarily using the R package quanteda (version 3.0).18  Key research methods include topic 

modelling, dictionary analysis of important topics, and sentiment analysis. Exploratory analysis 

of general trends was conducted through the generation of wordclouds and development of 

timeseries plots to visualize the frequency of Q posts over time.  

 

The first key research question, about trends in violent and incendiary language, was addressed 

through the generation of a dictionary of keywords related to violence, the analysis of trends in 

the use of these words over time, and analysis of average sentiment on the boards and channels 

where QAnon has posted. Sentiment analysis was carried out using the R package sentimentr 

(version 2.6.1), a dictionary-lookup method that calculates sentiment at the sentence level.19 

 

 In order to analyze the key topics discussed in Q posts, a structural topic model was generated 

using the R package stm (version 1.3.6) with spectral initialization.20 Based on the topic model, a 

topic referencing distrust in mainstream media and concerns about fake news was selected for 

further analysis. Trends in the discussion of this topic over time were analyzed in a similar 

manner to trends in violent language: the creation of a dictionary of key terms, and an analysis of 

the average proportion of tweets that contained those terms each month to assess the prevalence 

of this topic over time.  

 
18 Benoit et al., “Quanteda.” 
19 Rinker, SentimentR. 
20 Roberts, Stewart, and Tingley, “Stm.” 
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Descriptive Analysis 

 

Figure 1. Wordclouds: frequent terms and word pairs in Q posts 

The visualization of the most frequent terms in this corpus illustrates several key themes. The 

first notable trend is the prevalence of violent language: the fact that “attack” is the most frequent 

term in the corpus speaks to the tone of the posts. Evil, fight, bad, sick, fear, and dark feature 

prominently in the unigram cloud, and “fight fight” can be found in the bigram cloud. Another 

theme that emerges in the word clouds is a discussion of truth and the media, with narrative, 

media, and truth all among the most common terms. In the bigram word cloud, fake_news 

appears as the most frequent word pair ahead of even wwg1wga_q, a common Q signoff which 

stands for the catchphrase “where we go one we go all”. Other frequent bigrams include Q 

catchphrases (enjoy the show, great awakening, future proves past, etc.) and references to the 

subjects of Q theories (central bank, d[emocratic] party, FBI/DOJ). The themes of violent 

language and distrust of the media will be explored throughout the remainder of this report. 
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Trends over Time 

As illustrated in Figure 2, “Platform Use Over Time,” Q posts spiked in three distinct peaks of 

over 300 posts per month: April 2018, March 2019, and May 2020. The gap with no posts 

between August and November 2019 reflects the brief period after 8chan was shut down when Q 

followers had no means of authenticating “genuine” Q posts.21   

• March 2019: The largest spike coincided with 

the release of the Muller Report, with many 

posts disparaging the investigation: “IF 

THERE WAS NO EVIDENCE OF RUSSIA 

COLLUSION, WHAT GROUNDS DID DAG 

ROD ROSENSTEIN HAVE TO APPOINT 

MUELLER? RR OFFERED TO WEAR A 

WIRE TO ENTRAP THE PRESIDENT OF 

THE UNITED STATES IN ATTEMPT TO INVOKE THE 25TH AMENDMENT". 

• May 2020: The second largest spike coincided with a period during the Covid-19 

pandemic when average cases were trending downwards and some governors were lifting 

lockdown restrictions. Many of the posts around this time discussed both Covid-19 and 

the upcoming U.S. presidential elections: “HOW DO YOU KILL POTUS ECONOMIC 

GAINS?... HOW DO YOU SHELTER BIDEN FROM DEBATES?... IS THIS ABOUT 

THE ELECTION OR THE VIRUS?” 

• April 2018: This spike in QAnon posts coincided with an escalation in the Mueller 

investigation, particularly the raids on the home and offices of Trump’s former Attorney 

 
21 Breland, “How QAnon Will Outlive 8Chan.” 

Figure 2. Volume of Posts Per Platform, 2017-2020 
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General Michael Cohen,22 shortly after Trump was acquitted from his first set of articles 

of impeachment in February.23 Many of the posts during this period focused on criticism 

of Obama (who QAnon refers to by his middle name “Hussein”)24 as well as of the 

Mueller investigation: “Why is Mueller’s team stacked w/ ex Clinton / D sr level 

authorities? Why are POTUS supporters screaming for END? POTUS WITCH HUNT 

END.” 

Violent Language and Sentiment Analysis 

Violent Rhetoric over Time 

  

 

 

To analyze trends in violent language over time, a dictionary of violent language was created 

based on key terms related to violence that show up in Q posts, including: gallows, fight, enemy, 

kill, evil, threat, overthrow, treason, Nazi, persecution, battle, weapon, violence, crime, attack, 

adversaries, wicked, hostage, riot, aggression, vandalism, infidel, hate, war, treason, 

 
22 Cohen and Yellin, “What 2018 Looked like for the Mueller Investigation.” 
23 Ewing, “‘Not Guilty.’” 
24 “The QAnon Timeline: Four Years, 5,000 Drops and Countless Failed Prophecies,” bellingcat, January 29, 2021,  
https://www.bellingcat.com/news/americas/2021/01/29/the-qanon-timeline/. 

Average Violent Term Use 
in QAnon Posts by Year 

Year Total # 
Violent 
Words 

Total # 
Posts 

Average # 
Violent Words 
per Post 

2017 128 459    0.279 
2018 561   2183    0.257 
2019 260 1132    0.230 
2020 347 1179    0.294 

Figure 3. Proportion of violent terms used over time 
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assassination, shoot, coup, and militia. Figure 3, “Violent Rhetoric over Time,” illustrates the 

average number of violent terms, as defined by the dictionary, per Q post each month.  As 

evidenced in the table above, 2020 saw the highest average level of violent words per post. 

Figure 3 demonstrates a particularly notable spike in March 2020 – at the onset of the Covid-19 

pandemic in the United States – with an average .89 violent terms per post. However, it is worth 

noting that only 18 QAnon posts were published during this month, so the high average violent 

word score may be due in part to the small denominator in the proportion. 

 
Sentiment & Emotion Analysis 

 

 

As Q posted to 4chan, 8chan, and 8kun sequentially, it is possible to track the sentiment in Q 

posts over time by comparing the tenor of the posts on each platform. Using sentiment analysis 

to quantify the average sentiment on each site, it is clear that the tone of posts became 

increasingly negative as QAnon shifted between platforms, although the average sentiment was 

always slightly in the positive range. However, analyzing the sentiment of posts by board rather 

than site produces more variation.  For instance, the /projectdcomms board, hosted on 8kun, had 

Figure 4. Average sentiment by board Figure 5. Average sentiment by site 
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a negative average sentiment score while /thestorm, hosted on 8chan, had the highest sentiment 

score of any board.  

 

Figure 6. Emotion analysis by site 

Analyzing the emotions by site, 4chan scores much higher than the other platforms on measures 

of trust and slightly higher on joy. 8kun, QAnon’s final home, scores highest for fear, anger, 

sadness and anticipation. 8chan typically falls in the middle of the other two platforms for each 

emotion, although it has the lowest score for joy.  This sentiment and emotion analysis supports 

the hypothesis that Q posts became increasingly negative over time, as Q moved between 

platforms and the account likely changed hands. 
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Fake News: At War With Mainstream Media 

Topic Modelling 

 

 

 

 

Topic Descriptions: 

• Topic 1: Covid-19. Posts about Covid-19 pandemic, lockdowns, and China. 

• Topic 2: Sex-Trafficking Ring. Posts related to the child sex trafficking theory. 

• Topic 3: Q-Anon Puzzle. Cryptic posts with game-like, interactive puzzles.  

• Topic 4: Culture Wars. Posts discussing race, class, and political divides. 

• Topic 5: Fake News. Posts about fake news and distrust of mainstream media. 

• Topic 6: White Rabbit. Posts referencing “Alice in Wonderland” related theories.25 

• Topic 7: Mueller Investigation. Posts discussing the Mueller report and the FBI. 

 
25 Hatewatch Staff, “What You Need To Know About QAnon.” 

Figure 7. Topics 3, 4, and 5 over time Figure 8. Topic prevalence 
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Figure 9. Relationship between topic proportion and site 

Topic modelling revealed several themes within Q posts: some were related to specific 

conspiracy theories, while others focused on stoking culture wars, sewing distrust in mainstream 

media, and commenting on current news events like Covid-19 and the Mueller investigation (see 

Figure 7). The most prevalent topic was related to the gamification of Q – which many analysts 

have cited as a key to QAnon’s popularity.26 This topic was much more prevalent on 8kun as 

compared with 4chan (see Figure 9), although this result is slightly confusing given the time 

series trend displayed in Figure 8. The second and third most prevalent topics are deeply 

intertwined, relating to culture wars and fake news. Notably, while the total prevalence of the 

“gamification” topic decreased over time (see Figure 8), culture wars and fake news topics both 

increased slightly. However, while Figure 9 indicates that the culture wars topic is likely 

discussed slightly more on 8kun, fake news appears to be discussed at similar rates on both 

platforms. 

 

 
26 Thompson, “QAnon Is Like a Game—a Most Dangerous Game.” 
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Distrust of the media and any narrative that comes from outside the conspiracy theorist bubble is 

dangerous, particularly when paired with the violent language analyzed in the previous section.  

A representative post from the “fake news” topic includes the text: 

Welcome to the mainstream./ We knew this day would come./ (glimpse)(what to expect)/ 

POTUS’ twitter comments/ Liberal Democrats/ Fake News WW/ Fake MAGA 

supporters/ Bandwagon shills/ Paid shills (Media Matters)/ Intel infiltration (neg 

dissemination). /MSM infiltration (neg dissemination)... 

The following section analyzes this topic in more detail in order to gain an understanding of how 

QAnon posts stoke distrust in the media and criticize fake news over time. 

 
Dictionary Analysis 

Once the topic of “fake news” was identified based on the topic model, a dictionary was created 

using key terms including: msm, media, fake, news, disinformation, headlines, information, 

censorship, false-claim, narrative, MSDNC, dissemination, abc, wash, post, Atlantic, IW, and 

propaganda. These terms were identified based on relevant terms found in representative posts 

from the “fake news” topic. Figure 10 demonstrates that use of terms related to fake news 

increased slightly as QAnon moved between platforms from 4chan to 8chan and finally 8kun. 

Figure 10. Proportion of terms in the corpus discussing the fake news topic 
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However, the differences are small, ranging between .015 and .02, so this increase may be 

insignificant. 

 

 

Figure 12. Proportion of 'fake-news' terms per post 

Although the average number of fake news terms per post remained relatively similar each year, 

there were two peaks with a monthly average of more than one fake-news term per post (see 

Figure 11).  The largest peak coincides with the peak in violent terms (see Figure 3) in March 

2020, with an average of 1.16 fake news terms per post. However, Figure 12 illustrates that this 

month represents a notable outlier for posts in 2020. As mentioned in the discussion of Figure 3, 

it is possible that the small number of posts in March 2020 contributed to this extremely high 

proportion of terms relating to fake news per post. 

Conclusion 

Although QAnon has been dormant since the end of 2020, the community of Q supporters and 

conspiracy theorist networks remain radicalized.27 Moreover, even after the Capitol attacks, 

 
27 Rogers, “QAnon Has Become The Cult That Cries Wolf.” 

Figure 11. Fake News Discourse over Time 



 15 

PEW Research found nearly a quarter of the Republicans surveyed who had heard of QAnon had 

a somewhat favorable or favorable opinion of QAnon supporters.28 This text-as-data analysis has 

demonstrated that as QAnon moved to increasingly fringe sites, its messaging became more 

incendiary – with violent, real world consequences. The de-platforming of Trump and many 

supporters after the Capitol attacks has similarly pushed users to less mainstream, more private 

platforms such as Signal and Telegram.29 The QAnon saga raises an important point for policy 

makers – de-platforming is not enough to stop the spread of dangerous disinformation and 

disband violent groups. However, the deep-rooted distrust of the media and external information 

sources cultivated among certain sections of the population by the likes of both QAnon and 

Donald Trump poses a significant challenge to those who hope to counter these false narratives 

through facts and contradictory evidence.  Understanding the tactics and allure of QAnon will 

help policymakers develop more effective strategies to deradicalize followers of QAnon and 

other dangerous conspiracy theories.  

 

 

  

 
28 “Most Americans Say Prosecuting Capitol Rioters Is ‘Very Important.’” 
29 Vanian, “Signal and Telegram Get a Lift after Capitol Riots.” 
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